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Abstract In Social Tagging Systems, where many people can share information, users tend to use descriptive
tags to annotate the contents that they are interested. In this paper we present a hierarchical clustering algorithm

between tags for exploration of users’ shared interest. We employ data from delicious to evaluate the effectiveness

of our algorithm.
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3.2 BRAGIZ2=7T#Hd

EC25)FAQMBRATH-TH, 23 2a=F 4 IRD%
WRIETH % L IZR S %\, Fortunato & [5] &, €Y 27V
F 4 FRDFEBEIIC 02 2 2 =5 4 ORRIEDRSH D, XY
WKW wa o=y PHINRwERE L2 HlzE, 5
KDk h—Kp) v oiEInEH D7) —2 (/—FD
LHIZBVT, F£AENT/ —FETHHEVWY) Y7 LA-> TV
L) BWAEE) DU 7 708G, ZoM o) - 24D
HT=DODAZ 22T 4 ELELEEI, Y27V T4PRA
ERBIEDHD. ZOME, 7V =Rk EEREMNL OH
MWala=TAAIKEEDLNTLEY.

L2L, a3a=74 L LTHENZl{LDY 77770
FRGICER T, BTV 777 7 LT, HENICE
REMEZMETE S LHRAITEZTYS, 22T, Bleica
S aZ T4 MR R DR T FRE R A

BRI, F3dEE) 77 72ficilcasa=7+
WHZITS., oo asia T o 2HiikrI7E
AL, ZNFUH L THEa I 2 =7 il Z2175. 5
Y777 7IGFNE ) —FB—2 kg E, E50#L
TH QEVAI R 2GEICHEHIZEIET 2 ) Fikz Lo
7o, ZOfGEHE, K1Icnd &) aENcIHINAas 2=
T 4 OEERGEDMS 72,

3.3 a7 R 1k

M7 7 9 29 — RG22 SRR T 2 2o lc, i
iZ, [10] T Hyperbolic, Radial and Space-filling (HRS) & \»9
AEULTEERE L2, HRS ZED SN MDhTr 728 —
DR ERNE % R TE % E, compound graph ~EEE HARIC
125, 20D, BIHROBEME L T2 DY v I HiEE
FRFICR S 2 LS CTE S, AL TIE, Z OWEHLEAN % >
T, V=XV Ty =% —ERADY Ihrofionsa
a7« OREEMEE 20BN 2R,

#1 520mRRIZT2a=TANDLFY 7387
Table 1 Top 3 tags for the five largest communities.

#1 technology : fun, education, news

#2 toread business, work, productivity
#3 design : art, blog, inspiration

#4 web . software, tools, reference
#5 health . food, recipes, cooking
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Table 2 Top 10 most frequent tags.

#1  web
#2  design
#3  reference
#4  tools
#5  software
#6  blog
#7  programming
#8  free
#9  imported
#10 cool
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