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Abstract In this paper, we propose a improving bootstrapping-based knowledge acquisition method using query logs. This
method is a technique to extract new keywords using some same category keywords as seeds. In order to extract keywords, we have to
choose patterns which appear together. But, if we choose too generic patterns, we extract keywords which are not extraction category.
This problem is called Semantic Drift. We avoided Semantic Drift by applying the pattern filtering we proposed. As a result,
we were able to achieve precision of 1.26 times in F-measure than the existing method.
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