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Abstract In this paper, we propose a novel method for bias analysis of news articles by comparing descriptions
about stakeholders based on the presumption that interests often induce media bias. We construct a dictionary that
provides scores ranging from 0.0 to 1.0 to indicate states of relationship between entities. An analysis of sentence
structure with the dictionary enables us to make relationship graph of entities and we extract stakeholders by using
the graph. Furthermore, as an application, we elucidate media bias by comparing descriptions of stakeholders. We

also show some experimental results.
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