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Abstract Twitter, a micro-blogging service, has emerged as a new information infrastructure. In this study, we propose a
new method that uses data compression for classifying topics of tweets (conversational, short, and real-time messages). Ex-
periments with Japanese tweets assigned hashtags demonstrate that our proposed method using the Deflate data compression

method, which gzip uses, achieved higher precision and recall rates than the confidence-weighted linear classification method,

which used the character n-grams or morphemes of a tweet text as input features.
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