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A Study on Identifying Similar Documents based on the Dimension

Reduction of a Document Vector
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Abstract As for the similar document retrieval technology, each document is usually expressed with a document
vector. However, the number of the dimension of document vectors would become considerably large, as the number
of target documents increases. Since it is quite hard to deal with high dimensional document vectors because of
expensive calculation cost. Therefore, in this study, we reduce the dimension of a document vector using the random
projection method. We show the result of an experiment and discuss it.
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