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Abstract In this work, we propose a new parameter estimation algorithm for Hierarchical Hidden Markov Models

(HHMM). There are several methods for HHMM parameter estimation so far, but computation complexities of

the conventional methods are impractical for HHMMs which has the large hierarchical depth or the large num-

ber of states. In this paper, we show that the strict EM algorithm for HHMM can be executed efficiently as the

Forward-Backward algorithm for state activation probabilities.
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