DEIM Forum 2011 E7-4

Jododotuonoobooogogoud

oo oof oo ooft oo oof oo oof

t1000000000000000000 04228526 00000000000 52-1
1000000000000 00 0422826 00000000000 52-1
E-mail: 1{b08068,j09118 k-saito,t-ikeda}@Qu-shizuoka-ken.ac.jp

o000 OobOobobooooooobOobOooOOoOoOoOobOobOOobOOobOOoOOoOoOoOobOOobOOobOocOoboOobOOonOo
oboocooOoobooboboooboooobooboboooooobooboobooooooobOobooboooooobooonoo
Ub000oboo0obOobOoobOdBustesDOOOOOODOOOOODOOODOOOOODOOODOOOOOOODOOOOO
obocobOoboobooboooooboobobooobooooboboboooooobo 20000000000 00000
oboooooooOoobooboboooooooooooboobobobooboooooooboOobobbooOoooOono
gbooobOobooooobooooooboooobOobooooboboooooboooooon

o000 bOooOooobOoboooooboboooogon
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Abstract Embedding a set of objects with some similarity measure into low dimension vectors is important for
visually uncovering the latent data structure and the relations between objects. To this end, we can utilize conven-
tional visualization methods such as multidimensional scaling, spectral embedding and so on. On the other hand,
there exists a similarity search method proposed by Bustos et al. In this paper, based on this similarity search
method, we propose a new method, called pivot visualization, and compare it with these conventional visualization
methods. In our experiments using two real object data sets, we qualitatively evaluate the performance of distance
preservation in terms of the classification information. From the experiments, we show that the proposed pivot
visualization method produces particular embedding results comparable to those of conventional methods.
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