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¢ Irdupper <= 0, Irdjower < 0,740

. reachDistyppers,reachDist)oyers
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reachDist|oyers|i] < getReachDist|oyer (A, B)
reachDistyppers|i] < getReachDistypper (A, B)
P i+1

end for

 rdupper + k | getMinK (reachDistipyers)-Sum()

s rdiower < k | getMazK (reachDistuppers).Sum()
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Algorithm 3 LOF OO0 0OO0O0O0OOO
Input A0 lrduppersO lrdjowersD knnCandidates
Output LOFypperd LOF oper

s irdAupper < Irduppers[A], IrdAjower < Irdjowers|A], 1 < 0
: lrdBupper < 0, lrdBjower < 0

. lrdBuppers, rdBlowers

: for each B € knnCandidates[A] do
IrdBuppers[i] + lrduppers[B]

lrdBiowers[i] < Irdiowers[B]

i i+1

: end for

¢ IrdBupper < getMazK (IrdBuppers).Sum() / k
2 IrdBiower < getMinK (IrdBjowers)-Sum() / k
. LOFupper < lrdBupper | lrdAiower

. LOFjgper  lrdBiower | lrdAupper

== e
N = O
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Algorithm 4 000000000
Input pointsd LOFuppers0 LOFopers0 knnCandidates
Output keptPoints

1: threshold < getTopNth(LOFiowers)

2: for each A € points do

3:  if threshold £ LOFyppers[A] then

4 keptPoints.add(A)

5 for each B € knnCandidates[A] do

6: if keptPoints.contains(B) == false then

7 keptPoints.Add(B)

8 end if

9 for each C € knnCandidates[B] do

10: if keptPoints.contains(C) == false then
11: keptPoints.Add(C)

12: end if

13: for each D € knnCandidates[C] do

14: if keptPoints.contains(D) == false then
15: keptPoints.Add(D)

16: end if

17: end for

18: end for

19: end for
20: end if
21: end for
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