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Algorithm 2 ObjectRank on Schema Graph

Input: Gg, Schema Graph; t, keyword; 7, maximum # of iterations
Output: ObjectRank scores of all vertices in Vg
1: Initialize rg?g by Equation (11)

2: Set query vector qg,; by Equation (12)

3: i+ 0

4: while i < 7 do

5: Calculate rg) by Equation (13)

6: if All of ObjectRank scores converges then
7.

8

9

Stop algorithm
end if
14— 1+ 1
0: end while
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Algorithm 3 Proposed algorithm using schema information

Input: G, Data Graph; Gg, Schema Graph; t, keyword; k, # of answer
vertices

Output: Top-k vertices from final subgraph G; 41
// Running ObjectRank on Schema Graph Gg
: Run Algorithm 2 to get rg ¢

i+ 0
G, + G
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