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A splog detection framework exploiting link structure and contents with
few labeled data

Shohei SATOT, Kazuhiro SEKI', and Kuniaki UEHARAT

1 Kobe University Rokoudai-cho 1-1, Nada-ku, Kobe, 657-8501 Japan
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Abstract In the last decade, blogs have grown popular and widely been used as a means to disseminate informa-
tion by both individuals and organizations. With the growth of blogs, however, the number of spam blogs (splogs)
has also been increasing to manipulate the ranking of web search engines, resulted in various problems for users
who seek for information on the web. To deal with the problems, there have been several studies for splog detection
typically based on supervised classification techniques. While they have been shown effective, a downside is that
they require manually labeled training data which are costly to create. This paper describes a novel splog detec-
tion framework only requiring a few labeled instances. The proposed framework take advantage of both the link
structure and the contents of the blogs to identify potential blog/splog clusters and for each cluster nominates a
representative page to be manually labeled. Evaluative experiments demonstrate that while significantly reducing
the cost of labeling, the proposed framework achieves around 90% of the accuracy obtained with fully labeled data.
It is also shown that link structure and blog contents work complementarily for identifying good blog/splog clusters.
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Grace & Bob
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So here's the thing: | was watching
Will & Grace the other day, and
part of the storyline was that Grace
couldn't get pecple over for a dinner
party (or something therelike), and |
~ had the Ii'l epiphany we all do when

the suspension falters in our disbelief: She's gorgeous! And
funny! And has a great job and apartment! There's no way
in hell that she wouldn't have, like, 50 people at any party
she chose to give! And she's gorgeous! It goes without
saying that Will is also gorgeous, so it makes no sense that
either of them don't have 100 million friends and lines and
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