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Abstract The more important the web search become, the bigger the same name problem in the web search.
Proposed solution is forming clusters of people from search results. In this paper, we report our algorithms that
disambiguates person names in web search results. Our clustering algorithm is based on hierarchical agglomerative
clustering using named entities, compound key words and URLs as features for document similarity calculation.
We considered extraction of the features and calculation of document similarity. Additionally, we extracted useful
features from the clustering result and did second-stage clustering by the features. Two-stage clustering adapt
document which several person of same name. We evaluated the proposed method with WePS-1 and WePS-2 data

sets.
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