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Supporting finding read-valuable articles in micro-blogs
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Abstract In this article, we suggest how to efficiently discover information that is valuable for reading from micro-blogs
based on the activity of bloggers and their link structure. Micro-blogs are an emerging type of blogs which are characterized by
the high frequency and short length of posts, which are usually made in real time in everyday life situations. We regard the
proximity degree between a user and an article as an index of read-valuability. In this study, we assume that the similarity
degree of a user and an article is affected by the link structure between bloggers and their activities. We have created a
sentiment dictionary, analyzed the link structure, and finally tested which index mainly affects the proximity relations between
posts and bloggers. Finally, we created the prototype of our system and evaluated it. The future problems are the

improvement of the search speed and the search technique for bloggers who do not have any profiles.
Keyword Micro-blog, Blog-search, link-structure
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