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Abstract Various clustering algorithms are proposed to extract useful information from a large amount of data.
Kinjo et al. proposed a graph theoretical clustering algorithm for a non-metric similarity and its application to
image retrieval. The key idea is that data in the same group are mutually in the top k& rank with respect to the
similarity. In this paper we improve the merging process and propose a new clustering algorithm. We apply our
algorithms to the set of 34000 segmented images. Then we evaluate the number of computations of the similarity
and recall ratio. The results showed that efficiency and accuracy of our algorithms.
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