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Opinion Features Categorization in the Opinion Analysis

- Emperical Result as Applied to the “Customer Voice” from “Rakuten Travel” -
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Abstract Mining or summarizing opinion expressed in blogs, review sites etc. is a new and potential research
trend. In this paper, we propose a mutual-information-based technique to organize opinion features into categories.
Organizing opinion features into categories helps users browse and find what they are interested in more easily. Our
technique does not require neither learning data nor learning phase; and it can be applied to many kinds of review
information without requirement for the prior domain knowledge. We treat all noun phrases as candidate of opinion
features, so that even words with low frequency can be categorized. Our experiment was conducted for data crawled
from the “Rakuten Travel” page, a review site for hotel guests. The results from evaluating the top 150 words of
each category showed that our technique is effective. Also, beside the purpose categories set up by users, we could
gather non-feature words into a “trash category” properly.
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