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Abstract In general, frequent itemset mining generates a huge number of itemsets. Major approaches against this problem
are extracting “closed frequent itemset(CF1)” and “maximal frequent itemset(MFI)”, instead of all frequent itemsets. However,
both closed and maximal itemset mining are too extreme approaches so that they have drawbacks and advantages. In this paper,
we propose more effective method for reducing the number of frequent itemsets by generalizing both closed and maximal
itemset mining. In concrete terms, we introduce “rate of support decrease measure (RSDM)” and define “landmark frequent
itemset(LFI)”. LFIs are dependent on value of RSDM threshold, and they become same as CFls in the maximum, while they
become same as MFIs in the minimum.
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