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Abstract It is important to consider users’ contexts in information recommendation, since users’ preferences are
changed according to their contexts. Our purpose is to develop a context-aware recommendation method based on
users’ contexts defined as the users’ situations and conditions which influence the users’ preferences in information
choice. The users’ contexts include not only users’ current contexts but also contexts in the past and future such as
users’ action history. In our previous work, we proposed a context-aware recommendation method considering the
users’ action history. In this paper, we show effectiveness of the proposed method by experimental results.
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Table 1 An action history database related to the current con-

text.

SID =] T8

1 [ 2008/12/5 1800 BT 3
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1800 BEIF S
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20:.00 |/ A\—THE
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0000 (minsup = 0.2)
Table 2 A result of extracting frequent action patterns by a se-

quential pattern mining method (minsup = 0.2).

TE SR count sup. _conf.
<TBETE,TAN—THL 5 0625 0.714
BREITLH, WA 3 0375 0429
BETE,BETEID 2 0250 1.000
<BERTL,"EMTEHD 2 0250 1.000
<BWMTH,BRETHD 3 0375 1.000
EWMTH, IN—THRE> 2 0250 0.667
BEYMTHT, EATD 2 0250 0.667
ST, TIN—TERE > 2 0250 0.500
CBERTL,EMTS, BRETLHD 2 0250 1.000
<BWMTH, BRETH, IN—THRELD 2 0250 0.667
<EMTE,BETEH, HWAD 2 0.250 0.667
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Table 3 A result of choosing frequent action patterns matching

for the user’s past context by a sequential pattern mining

method.

TEI VR count sup. conf.
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EYMTE, BETH, WS 2 0.250 0.667
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Table 4 Score for each action by a sequential pattern mining
method.
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Table 5 Facility data used for experiments.
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Table 6 Users’ current contexts and

past contexts used for experiments.
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Fig.1 R precision of ranking by an SPM when considering / not

considering users’ current context.
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Fig.2 R precision of ranking by an LCS when considering / not

considering users’ current context.
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