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Abstract In this paper, we propose a sophisticated technique for time-series prediction. Here we consider an
observation as output of the event, and estimate future data based on transition of events. In this investigation we
formalize event as state of Hidden Markov Model (HMM), and observation as output from state. However, HMM
approach is not easy to apply data stream prediction. This is because Baum-Welch algorithm which is traditional
unsupervised HMM learning algorithm scan all historical data many times. Here we apply incremental Baum-Welch
algorithm which is a on-line training method for HMM to data stream prediction for adapting to new pattern. We
show some experimental results to see the validity of the method.
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