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Algorithm
Input: a new value z; at time-tick ¢

Output: optimal subsequence pairs and DTW distances

//Detect optimal subsequence pairs.
for j:=1to m do

C! :=wv(n,j); //Score value derived by Equation (6)
C!l :=s(n,j); //Starting position derived by Equation (7)
Cl:=(n,j); //End position

if C! 2 €l,i,, then
//Add the subsequence pair as a new candidate.
if C! ¢ S then
add C’ to S;
else
for each candidate C € S do
//Overwrite the maximum score.
if C, =Cs ACl 2 C, then

Cy :=Cl;

Ce :=Cl;
endif
endfor

endif
endif
endfor
//Report the optimal subsequence pairs.
for each candidate C' € S do
if (Vi,s(¢,m) £ Cs) A (Vj,8(n,j) ¥ Cs) then
Amin = eL(la,ly) — Cu;
Report dpin, Cs and Ce;
Remove C from S;
endif
endfor
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