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Knowledge Extraction from The Biomedical Literature and Hypothesis

Generation Considering Event connection
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Abstract Recently, the number of publications of the biomedical literature is exponentially increasing. It is impos-
sible that each researcher cannot survey all literature related their field. So, there may be implicit and undiscovered
knowledge combined some simple knowledge from texts, as facts, such cases have been reported. In this paper, we
introduce how to generate hypotheses automatically,which are not discovered, after structuring biomedical concep-
tual network consisting of knowledge from biomedical literature. Also we proposed method identify the hypotheses
which will be meaningful knowledge, considering relation of knowledge which are source of them.
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