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Abstract In this paper, we propose a system to reproduce multi-viewpoint landmarks using photos that are taken

at various location and time in social media sites. It is difficult to reproduce landmarks using those photos meta-

data, since GPS measurement error influences on photo location and orientation. Additionally, we need to obtain

landmarks photos, to exist irrelevant photos to reproduce landmarks. Therefore, to reproduce multi-viewpoint land-

marks, we choose relevant photo and assign the landmarks photos to 3D spaces based on those metadata. In order

to choose relevant photo, we estimate the location and range of the landmark from photo location and orientation.
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Colosseum 185940 37568 166
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0.5m (0,-73.989309) 4515208.50m

1m (0,-73.989309) 4515208.50m

5m (40.687033,-74.042648) 281.64m

10m (40.72077,-74.03288) 3648.54m
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