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Abstract Recently, the music curator who criticize music is increasing. It is difficult to discover the music curator
suitable for the user’s taste in connection with it. People who collect contents by human power and create criticism
are called the curator. On the other hand, Linked Data which is the big network structure to linked data exists.
By the LDSD algorithm which used Linked Data, Passant calculated the distance between music. In this paper,
we propose the method of recommending the music curator who suited the user’s taste using Linked Data. Link
structure is formed using the listening history of user’s music, music curator’s musical criticism data, and music
information data. And we calculate the distance between user and curator using the Linked Data.
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