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Algorithm 1 GraphSetProjection(GS, S).
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S « St
for each edge e € S! do

initialize s with e, set s.GS = {g|Vg € GS,e € E(g)}; (only

graph ID is recorded)

Subgraph Mining(GS, S, s);

GS « GS —¢;

if |GS| then

break;
end if

end for

Algorithm 2 SubGraphMining(GS; S, s).
if s &+ min(s) then
return;
end if
S+ Su{s};
sg000obo0ooo0oooooooboob0ob sboooooo;

Enumerate(s)
for eachc, c is s’ child do
if support(c) = minSup then
s ¢
Subgraph Mining(GS, S, s);
end if

end for
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