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Abstract Traditionally, collaborative filtering may not reflect the user’s preference to be recommend. On the other hand,
content-based filtering is a tendency to converge recommended information. Therefore, we consider that distinct rationale to
recommended information, why to recommend this information, is required. In this paper, we propose a method to be
recommended on the basis of users with the topic of the target user. Consequently, our method can present the
recommendation using any topic which user together with recommended information. Results of evaluation experiment
using social bookmark, our proposed method has recommended information that is diversity and considering the user’s
preference.
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