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0000o000oooOdO. 000,0000000000000
0000000oD0O000o0O0ooooooO MikolovOd OO
Ooooooo. 0900, min-count OOOOOOO. OOO
g000o00doOOobCOoODOO0Od, mincount O 100000
00000D0OODO0O000oOoO00. min~count DO OOOO
00000ooo0ooooo,00000o0Dooooooooo
gooooooopoQoooopooooooooooooD. O
O0,scale 0000000. 0O0O00OO0OOOODOOOODOOO
O,scale 00 O000D0OCOOO0ODOOODOOOODOOOO. OO,
scale 00000000 OO0OOOOOOOOO. DOOQODO
score vector 0 O0OOOO0OOO 00100 100000000
Oscale 00000000 O0OO0OOOODO. ScoreSent2Vec O,
score vector U0 ODOOOOOOOOODOOOOOOODOOO
0000o000oooooooooooooooo. 0oo, O
0000000oooooooooooooooooooooo
O0. 0000000000000 000000 100000
0000O0,scaled 10000000000O0O.

6. U 0O O

0000 ScoreSent2Vec D0 OO OODOOOOOOOOODO
Jo000o0odoOooDoOOoDOOoO0. booboOgog SSTbod
00000000o0oooooooood, Brown Corpus OO
goooooooooooooooooog.

200000000,00bO00O0oDOoO0OobDbboOO, o
Jod0o0o0o00o0o0oDoDOoDoDOooOooOooooooooog.
goooobooooOo,00oboOooooobooooog,
oo, AlC, BICOODODODODOODOOOOOODOooOO
0.000,00000000oooboooooboooooooog.

ScoreSent2Vec 1 0 00000000 OOOO, O 17,0000
go0ooOooOo0oooOooUobboOoUobooOoooogoooo
0, d-size d 1000 0, min-count 0 100 0O, scale 0 0.01 00O

joooboooooboooooooobooooooooooooo.

gboooood,obooobooooooobooboood
O0000o00oo0. boooooOoooooooo, AIC,
BICOOOOOODOOOOOOOOOOOOOOOOOOOO,
ScoreSent2Vec 00000 00O0O0O00000O00O0O0OOO
gbodo. oo,0b0bo0oboobooooocobooooo
gooooooooob. oooo,boboobooooo
gooocoooa.

O O

[1] Mikolov, T., Sutskever, I., Chen, K., Corrado G. and
Dean, J.: Distributed representations of words and phrases
and their compositionality, Advances in Neural Information
Processing Systems, pp. 3111-3119 (2013).

[2] Mikolov, T., Chen, K., Corrado G. and Dean, J.: Efficient
estimation of word representations in vector space, arXiv
preprint arXiv:1301.3781, pp. 1-12 (2013).

[3] Le, Q. and Mikolov, T.: Distributed Representations of
Sentences and Documents, CoRR, abs/1405.4053, pp. 1-9
(2014).

[4] Socher, R., Perelygin, A., Wu, J. Y., Chuang, J., Man-
ningand, C. D., Ng, A. Y. and Potts, C.: Recursive Deep
Models for Semantic Compositionality Over a Sentiment
Treebank, Proceedings of the 2013 Conference on Empir-
ical Methods in Natural Language Processing, Stroudsburg,
PA, Association for Computational Linguistics, pp. 1631—
1642 (2013).

[5] OO0OO0OO0,0000,000: Paragrph Vector 0000000
000ooo0oUdo,0oo0oooooo, Vol. 2015-DBS-162,
No. 11, pp. 1-8, 2015.

[6] Francis, W. N., Kucera, H.: Brown Corpus Manual, Brown
University (1979).

[77 DODDOO,0000: Word2Vece DOOOOOOODODODOO,
gooobooD 2100000000000, pp. 441444
(2015).

[ OOOO,000,0000:0000000000O0DODOO,O
0000000D0O0.NL,OODOODOOOoOoOo, Vol. 162,
pp. 159-166 (2004).

[9) ODO0OO0OO0,0000: Paragraph Vector U0 DO0OO0OO0DOOO
JoooooooooooDo,00000oowooooo,
pp. 165-166 (2015).

[10] Socher, R., Perelygin, A., Wu, J. Y., Chuang, J., Manning,
C. D., Ng, A. Y., Potts, C.: Recursive deep models for se-
mantic compositionality over a sentiment treebank, Confer-
ence on Empirical Methods in Natural Language Process-
ing, pp. 1-12 (2013).

[11] Pedregosa, F., Varoquaux, G., Gramfort, A., Michel, V.,
Thirion, B., Grisel, O., Blondel, M., Prettenhofer, P., Weiss,
R., Dubourg, V., Vanderplas, J., Passos, A., Cournapeau,
D., Brucher, M., Perrot, M., Duchesnay, E.:Scikit-learn:
Machine Learning in Python, The Journal of Machine
Learning Research, Vol. 12, pp. 2825-2830 (2011).



