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8 1323 I don ’t want you talking to our customers
like that again .

£5DEITH LT, FBREHEDBERY FVKOHHHS
EREN S, EDBER 2 b L2 BRI OoH % HvT 2 X6
WWRTCTEAMEL 70y b L2 b D02 RERICRT,

4.3 BREEER

4.3.1 ¥ 775 —RHOEME

7 V& A2 100 A L7 AT 2 &% v 7 7 4 —f[
HOHIITXD Jaccard 1 RED 77 7 %K 6 IZEEXR Y Froa
YA VEREEZR 7T ICRT. ANOBTFIEXF Y778 —DL—
F—1ID TH 3,

similarities between each character

— 4460-4421
— 4460-8677
— 4460-1323 ||
— 4421-8677
— 4421-1323
8677-1323

10

08}

o
o

jaccard similarity

o
ES
T

sentence index

6 K¥* 7275 —MDOEIIXD Jaccard FREK

K6lckWT, HOHELELZRTX Y775 —fiadbe
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8677-1323 4421 The man with the Oh . about a man with the

il
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1 I anything 't that ?

& | 8677 All T have in the world .
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't . UNK it .
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2—4%—1ID | thhX
LEBED L) 7 DRLA DD Y L B0 R~ T

7V ERRBIELEEVWE R 20 Bbins, 8 5 X 4421 It ’s all right — I don ’t think UNK does , cither .
15 2HB LX) BoTnhL, BEALORICE N THL— ?i; i : :srt};f:f;iﬂinkmg about it all the time .
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£8 FrINFF3IHTLEEF YT 7Y —DHIX

AJIX : What is it ?

2—H#— 1D | X
4460 Well , UNK usually gives me a signed check for
UNK , UNK ’ for
4421 Open up .
8677 UNK giving you problems ?
1323 That ’s what , you . It ’s everybody ’s a UNK
actor in the

4460

8677

1323

*4421

X 10 v 7INEZ3ICNTIEF Y777 —DEERT + L

x9 FYTNEZT AT EEF Y 775 — DI
AJIX : Oh , you should see your face .

2—H#—1ID | X
4460 What ?
4421 What about it ?
8677 I told you . I knew it was there . Didn 't I tell
you ?
1323 I 'm just sick of thinking about it all the time .
1.
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-15

K11 S 7LEFEFTAICHTE2EF Y778 —DREERT v

#£10 YU BEFCRATEEF Y775 —DHIIX

AJ13 : Can I help you , sir ?

2—%—1ID | IIHX
4460 UNK .
4421 In money .
8677 I need a ticket .
1323 Hello , Rob . Remember me ? I’'m Ray . UNK .

15 867

*4460

1323

o 4421

K12 Hv7UEFT5ICHTE2EF Y775 —DRBIERT v

#11 FYINELT6IINTIEF YT 75 —DIMIIX
AJIX : Just banged my head . It was an accident .

2—H#—1ID | X

4460 <SILENT>

4421 Is that all ? Can I go now ?

8677 Another accident ? You got to be more careful .

1323 No way ! I’d UNK his style . And I wouldn 't
want to listen to all that stuff happening on the

other side of the bedroom wall . I ’'m way

8677

05 *4460

‘1323

-15 *4421

K13 Hr7ULEFT6 I TIEX YT 79 —DRRERT7 b L

F12 YYTANEFEFTICNT 28Xy 779 —DHIX
AJIL : Why would they care ?
2—H#— 1D | i
4460 <SILENT>
4421 Well , the idea ’s right , anyway . Are you going
to call a UNK ?

8677 We was born to die , boy . From the minute you
take your first breath you got
1323 (not shown)
2
°8677
15
10
*1323
0s
00
05
-0l *4460
s
*4421

4 Yy IAFESTICNTE2EF Y7785 —DBIERT ML
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AJIX 1 don 't want you

talking to our customers like that again .

2—H#— 1D | X
4460 ... the master of his UNK .
4421 What do you ’re Yes to ever with me . Think ,
UNK - written means we 're do ?

8677 Are I know you ’'re full of that .

1323 You don ’t ever think about other people ?

2.

2 *867
10

05

*4460
0.0
*1323

05
-1.0
-15 *4421
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