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ZOFERI[T L0 HEHIZEETESD, ERRI—N"R%
2R B, [7] LHIRT B &, [15]) FHEEALTORE (UT, &
FixXk) OA%EFR L TWa. Pennington & /AT Xk & K
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EERELTVWD[19]. 7z, HMPAEEZ W TEEHBEADRE
DMDIAARE 2 BFEET L FESEEINT VD [8].

FEDOMDIAAREIL, URITHAEL TLLT B5EHZ KL
TRILTER. barrel WS HFEFZEZSD. ZOER, (1)
K&k, (2) 88, 3) ¥V ry&X—, (4) Kito&MH, (5) f
MEDOHRA ALV, (6) MWEDOBEMANLVIV, REEBOEES
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FIZHELT 255 LTI PHAE R 5N 5D, (4) DFEHIC
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2.2 FEOEHIAHLRERICL 2 XOEKKFALIE

XOEFREHME X A2 (Semantic Textual Similarity,
STS) 12 2O U THBEZFRL, AFITL->THE
INFLELRTEZRXRAITHE., RIWECRTLI%R, 2
DO UTAFIZ LB HBEINEINAET - K2y bH
AFEHhTNnE T,

#£1: STSHTF—Zty MZEENTVWETF—RDH. AT

o T[0,5] DEBEPMIEINTED, 0ITEWVIEETERIZ
FRLTWEZ %, 5IGEWIEFEHMLTWRNWZ L 2R
SEIDLE X1 X2

0.5 A man is smoking. A man is skating.

1.6 A woman is slicing tomato. A man is slicing onion.
2.8 A man is playing a guitar. A girl is playing a guitar.
3.8 An animal run in circles. A squirrel runs in circles.

5.0 A plane is taking off. An air plane is taking off.

XDEWKELE X X2 T, Mt EERRE R Y
e EZ2AWTHRBRT 2 FEIZIEBEILTL

% (1] (2] [3] [4] [5] [24]. Kenter & i3 5E D HDIAA KB & H

(#%4) : http://alt.qcri.org/semeval2016 /taskl/

TIDRAZIZMOHMATVS [12]. H51E 2 DD AFIITH
BUTWEEEDOHDIAARIZ ZNENEZ L2 ML EX
ORBE AT, T U TXORBEBO IV A VHELEPL—2
Uy FIEREZEEL, Thooz2REEL LTHRALTWS.

XDOMDAARBZFETHHDOE LTI, BRID L5ED
HHIAAKEZ AW T OMDIAAKI Z FH T 5Pk [13] *,
M Fi LSTM (Long Short-Term Memory) (235D 3& A AFK
Bae ANU, XIROBBE2FET 5 FH: 23] 'd 5.

XD FERIFELLE % K R < KD B 72 1T GE R MR VE R %
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%%@%E@ﬁ&ébﬁ%%??é%&%%ibfw [20].
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BleaMWTWa7ed, XHOFEDOLENLZHZBL TR,

2.3 HEMREFFROMED T

FEDOMDIAARBIZZ HFBPRODZNTNDE
WA\, ZORMEERRT 272012, FEHFION L TERIRIET
BIRERER T MV EAET 5, HKROMSOIAARE (Sense
Embeddings) 22 EZ X T\ 5. Neelakantan & & [15] % fii
KLU, BHROMDIAAREZFE T 5 Multi Sense Skip-Gram
(MSSG) E 7 )V & Non-Parametric MSSG (NP-MSSG) €7
WaREL TV [18]. HiEdH 72 OFEHREIE, MSSG THE
TA—RELTHAGNSEN, NP-MSSG T/ V38T A b
Uy ZIZREIND. XIRAENE 2, FEHR3 D MSSG €TV %
LIZRY. ETEOHODRAARIIC LR~ MLy, FE
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TIERZEL TV [22].
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B 1: jcﬁm/*“rllm 2, FEFM 3 D MSSG €T V. XF®D predicted
sense 1&, XRH»S FPHIINFE R THLI 2R, TOE
TVEERDOEDAARE 2ZEE L TW50, JELFEDORIUC
IFFRDOMDAALREZHNT VD

Rk DDA A FKILIL [18] % [22] T, [15] & FFLE L ks
EERTIENREINTE D, XOEKIIABE X A 7128
WTHEIRDIDAARBDERNIHERES 5 Z L BT 5.
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AT o TWiaew, 2% 0, HBHEFORDITHEL TWBEE
MWEBETH - 72HEIT, TOEEHREXIL TS 22T
ERV. ZOOARMIETIE, EROHDIAARIZ N2
RKIDHER L, %m%ﬁwt EEOTHEHET.

3. WEF &

ABETIIFH R XRORRE L FEHZEO TR, WO XROEF
BEHEEZRET S, 2k D, (1) BROMHDAAKBIC &
5 XMRDOFE, (2) BROMEDIAARINC & 2 XRFH % H W
7-RERO T, (3) BROMOIAARIIZ & 5 SUREBL %2
T XMROEEE, AAREICA 5. RETERIIEROHDAAE
BAEAWSZ LT, fEROXMREH TIHIKA R WEUFEDL FH
MEZEETLIENTES, £z, (1), (3) 12 & 0 #EEI%CIR
REDERL, 2LV EEMEFEU - RESRZ A7
WY FERO THIBIfRGTE 5.

HARMNZIE, UREBR L EHETRIO-DIZ, FEFAO Rk
DHEDABKRB L ZIRTIER DA% VD, ST IER 1L
W E RO RN TH 5. HDIAARFIL G2 RO~
I INTHDB720, ZUGCHERIGAOEANIZYTHD. £/
SWTTIEBRDIDNT A — R TH LEHEHABHIZED, &b
FMRA UMK ATREL 72 5.

REFHEDSL, TTROREFEEZBRRS. HEE
%%s#%oimé,yﬁmﬁﬁﬁﬁNﬂu,)T%ﬁ?é

S EENFNEHLIESWTH D, BEROMDIAARIIL
RZIVTHY, TOWTRALEBMNLTH S, fE>T, KK
TN S 2D DA EFONEITH E LTHKS. F
Yopid, iEH s WHELTWBETOME DR CRZ
L, TOWHE 35, NS BEREAXRE p LhkRE 5.

WRIZ, BHROMDIAAREIC & 5 XkEAWZFERO THlTF
xR RD. H25RATHR cp 1B 2 HEE w B RFDEEE s 1
SZIRTCIERIAGT DRERBZERR f(x) 2 HOWCTHEEREZ A
U, TN KRERPEHRLT 5.

1 1 Ts—1/,
)= s e | )
s = arggnax P(s; |w,er) = argrinax far(er) (2)

I, ZIRGCIERAMADNNT A —ROFEHH LFEHRDO TR %
? S P EFEOEMLIT — R % Algorithm 1 129, HROM
AARBUIGFFEEANCEREAL TS, £, ﬁﬁﬂj
WCHWS I — 220k T 5. ZDk, KFEVROFERICD
WT, ZDFHEHEDETDRANREZNGL, N (u,X) DNZ
A—REFHFTSH. LT, BHINEATA—REHNTEE
TS5, Iz 0 7a BB RT,
% AT, Algorithm 1 OEIfE% R~ 5. LAF I bank
LS HEEOBIXDESTH D .

(7%5) : Weblio #3E#IX (http://ejje.weblio.jp/sentence/) & b 5.

Algorithm 1 Re-learning Contexts with Sense Embeddings

Input: text, sense embeddings, word list of sense embeddings

sense

1: mean, 7,

vary S < random, random # Initialize step 1

2: Predict senses of words in every position # Initialize step 2

3: for iteration = 1,2,...,n do

4: for each word w in word list do

5: for each sense s in w do

6: L + getLocalContexts(w, s)

7 means,, vars L%er]:gth’ >, (L[E] — mean)?
8: end for

9: for each pos p in text if p has w do
10: Predict the sense of w in p by equation (2)
11: end for
12: end for
13: Update senses of words in every position
14: end for

The boat grounded on a sand bank. ... The bank
The 130th National
Bank (Hyakusanju Bank) — 11 banks includ-
ing the 130th National Bank were merged into the
Hozen Bank in 1923. ...
the bank.

gave way in the flood.

It is not allowed to climb

WL A Ty 72 T, fAISHDHEIZE D bank DIEH B
MEMBELEZEDETS, UFNIFOHRTH S.

The boat grounded on a sand bank 2. ... The
bank_1 gave way in the flood. The 130th
National Bank_ 1 (Hyakusanju Bank 1) — 11
banks_1 including the 130th National Bank_1 were
merged into the Hozen Bank_1 in 1923. ...
allowed to climb the bank_1.

It is not

Z Z T bank_1 1Z8R17%, bank 2 3 LFH U IIBFHFE WS EE
BERLTVWDEEDLT 5. fEHOD7Z0D bank O AR % X
LCTWBA, MIDFEIZDWT S [FIRKIC3EBIBIRE 2 145 5.

Wtbmkltbwk2%h%hkomf,%%X%%ﬁé.
XIRAMEIE 2 92 &, RmANTHLELT % bank 1 OJEIEEL
TR I NBEEIL the, gave, way £ 72 5. UREEIC b‘fﬁﬂik
DOHDIAAREZ YL, ThEBATCke UTHS. bank_1,
bank 2 ZNENIZDWTETORFXREZFTHEL, FE3 5.
ZHUZE D BRTIERDTE DT XA =R BEHFEIND. BHH S
NN 7 A=2%2H0T, X2V, EHEEFNUTS. UT
IRTHERIZBWT, FMRRFERPTEH I NEHTH 5.

The boat grounded on a sand bank 2. ... The
The 130th
National Bank_1 (Hyakusanju Bank 1) — 11
banks_1 including the 130th National Bank_1 were
merged into the Hozen Bank_1 in 1923. ...
allowed to climb the bank_2.

bank_2 gave way in the flood.

It is not

SEEVEH I N, HRBNT A — X DEHHAEE
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AE T, FEHRBERMEMENE & X ORI LE D 2 DD FE
75, MBIV & 22 TIE, IRELTWBSEKOMD
AARBIT & B IREHA, WU LFEHEFHEERHTES L
EHERT 5. XORRNEUERX A2 Tl wa EZD Tl
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4.1 ESEBRRMEEIRY

411 7—%tvk

FERIBERMEME X A T, FHED7ZDDRk% T —X X2y
RAMREINT WA [9)[11][21]. LA L, Zho5D% L ILHEE
R7EANFIZEBAATDADBEZSNT WS, AL TIIE
kDDA AR % W RKBF & 22 X 2FERDO Tl %
BELTWEED, TOLIBT =KLy MIFHI#E S 720,
ARG B 2 LR T, SXIRE O 72 58 B RRIEAR Y O
KEIE%2FMli$ %728, Huang 5AEL TW5S SCWS F—&
Ty 1] ZHVS. 212 SCWS F—X &y MIEGENT
WEF—RD—flERT. R—A510y, WEFELBIZ, i
FBIAMEZ T 2 HEEORTE 5 B2 XRe LTHWS.

# 2: SCWS T—&Ey MIEENTVWET—XD—fl. K—
IV NRIGGERIBRM 2 N T 2 EETH D T L 2 RT. &RT
1213 [0,10] DAFIZ L BFBER AT B EINT NS,

Word 1 | ... However it is believed that sentient beings’ karmas

limit the ability of the Buddhas to help them. ...

Word 2 | ...

know-how was at hand due to the many relations ...

Although Carey stated that the necessary

4.1.2 FHEHEE

FiE T — 22y MG InEAFICE AT E, FHI
INZAATEDAYT < VIERAHBERE p TIT75. HiEMD
FHOUERRREE, [18] L HKIZ, avgSimC, localSim % AW 5.

K K
avgSimC(w, w") ZZPIUCZ (w',c, 9)

j=1i=1

x sim(SE(w,i), SE(w',5)) (3)

local Sim(w,w") = sim(SE(w,i), SE(w', 7)) (4)

Z I T P(w,c,i) &, Rk e D FTHEw » i FHODGER

ZENT OMETHD. 7z, SE(w,i) 1THEw D i FHOD
ERIZWINT DEERDOMDIAARBTH D, sim IFEULE BRI
Thd. AERTIHLUERKE LTaY 1 VELELZERAT
5. avgSimC 1%, &3 XIRIZB T 5K iEHEDELMER THM
i Ean-EuERETH 5. —F local Sim 1%, XD 6 F
HWE N7 ERDEDIAARE DA% HWCTHUEE2FLT 5.

4.1.3 EFTN

R—AF4 & LT, NP-MSSG[18] 2T 5. ZOET
IS SRFBEHICGEDOMDIAARE 2 W T WA 72, koM
DIAARBTXRERBRT 2REFHELOLKIZHLTWS

NP-MSSG 2 & 2 ZIR DM D IAARI O ¥H 121 ukWaC [6]
D 100 AFEI =A% AV, HBIEE 10 B2 EOFEE LI,
ot % 150, XIRAIRZ 5, RKRFEHEBE 5, THRY 7T
15 295, #ERE U T 42,802 A0 ERDOMDA AR N ES
ENB. avgSimC DEHEDIZHD P(w, c,i) 121, [18] IZHEW,
aY A VRO MR W 5.
BEFHEDNRSA—XILE, R=A514 0 LTHEEINLE
%@@bﬁ&iﬁ%%wfumwcwumﬁ%:—ﬂxwim
ZHEEE L CHEAT S, Algorithm 11281 24T v 7
2 1% [18] IZ#€\, Context Cluster Centers & JFAi XAk & @ 3
Yo VA FEL, RBEHILNS T ARIKIGT BB
ZBEIRT 5. avgSimC DFEDZDD P(w,c,i) 121%, %Ik
FTIERDAOHRBEZHA\WS. £/2SCWS F—& kv b
ﬁbfjé FFkIZ, £9 Context Cluster Centers % H\\ T J&E4
DFEHXETFMT 2. 208K, FHINZFERIINIET 5K
@@@A&%ﬁ%mVT%@mﬁ%ﬁ%Ta
4.1.4 ERER
#3112, EBERE2RT. avgSimC OB TIE, KE[EE
PEHBORIZIREFENR—ZAS 1 v L0 BMOHBEZRLT
WA Zedbrd. iz, KERBPEREIORIZIE 0.31 7
EOMHMEZRLTWS. —7F, AHEIOKRIZIE 0.22 FREDH
BE2RLTWS., Zhdbh, REFETIIMEREOKETHES
NEHMEHFBETHONDAMEICHAMELEH 2 L BbNns.
localSim DBUETIE, REFEFLTOH/MZIENTR—Z
SAVEDBRNMAEEZRLTED, "R—25 41 v kb biEY)
WXRERFETETVWD L E R 5.

£ 3 BFEOALT < VIELMHBEGRE p 12 L 0. REF
ERIR=ZAT A4 L0 HEAMIZENEEZRLTWS.

‘ avgSimC'  localSim

NP-MSSG .27 .166
SAERIE 1 257 .222
2 .313 216
3 .224 217
4 .314 214
5 .226 219
6 311 21
7 221 215
4.1.5 ER

9, BEFHRICBWCRERE 1 BOH16ED local Sim D
B CTHREMOVHBEZ RTHBZRRS. FMERICENT
R AR AR D 7R D 3 8D A AR FIE NP-MSSG 12 & - T Fifll &
NEEDOTHS. KEME 1 B D54 FBKZ, NP-MSSG 12
Lo TTFHIEINZEENOSBIZNNTA—RTHE. DRI, K
B 1 FIOAAPREENEBEZRLTWEEEZ LGNS,

WIZ, avgSimC DBLR CTREFEI R THBNITHAIMED R
SNAHMEMINT S, K212, EREIZHITS KL X1 /8—
VIVAERYT. nMHOKETHRONZAHED KL X1 /3N—
Vv AX, TATHELTWS.



1
Dgr(Ppl||Pn-1) = 5

2 {10g 2| +tr(2,13,)

|2
+(un-—unfﬂTzﬁiﬂun-unfﬂ-—d} (5)

ERIZBVT, ZHOTICHRA 6Nz n ik n BHOKETHEE
NIA=RTHY, dIFZBRTIEBRDHEORTHTHS. X2
L0, UMM O SN\, -, GH8IEHEOKETE-
DAL, WBEEEHOKETCEZOME R, DA KEE(
URBB RV bbb, £512, @EKEE,FHEHE
DRETREDAEIZBIT S, E04GD KL XA N X—=Y v A%
JIE h 77100 FEF L, RIEIOAMEICEIT2 by 7100 EH L D
BB BT 23RO —HE2RT. £R5 &b, FHNEE
DAL TE 00 TIEREIH O RETHEEZM LI LD
EFEHEZE L TVBR I DR TE S, Zhik, UREH%
W T B IREFELEROMDIAAREAAROHEEEZ LTV
RN, XREHPRBL TV EEZSN5.

12000

KL Divergence

Iteration
2: n— 1 BOKETHEAHTRDZ KL XA N=TV Y
A, WEIEH O RE TR, SR H O K E TR0
AN, DAEPKRELSBLUZER P DRI Ehbns.

BEIZ, localSim DBUSTREFIENRR—AT I LD HiE
WHHE 2R TELH A2 #4545, SCWS F—& & v Mzl 2,003
EDFHEH T — 2 DBEENTWE., 2D 55 783 1%, R
FENGEBBIRMMMEONRTH 2D ICELERFETETY
2. FEBUEDSRE 572 1,220 2 DWT, F41Z, AFITk
5 A7 H[0,5) DIFEIE False, [5,10] DB True, KE 1
[ TR =225 B local Sim DY [-1,0) D
[0,1] DHE I Positive & U 7B DIRFEITTFH % /2R3, True D
£ TP, TN & £iZ NP-MSSG & HBETFIEICEITR S .
U U False DBE T, BEFEN NP-MSSG &0 H£<D
RY QML EEYNIHFITETNB I e RbRE. M3
FP/FN ZNENORTIZET 5, XRAICELSHEEROS
fiERdT. M3 &0, FNIZFP &0 $H%< DL %EE R
WZEATWSEZ bbb, kD, BELTWSURKHR
PEOKERVEROTHZEI LTV EEI LN,

RBIZ, FLEEZRDD N TELEREZBRITS. %6
2, M@ TELHERTO—Hl%RT. £HIEDHEIEX Word-

%6 1% Negative,

£ 4 ANFITEB23729(0,5) DIFE False, [5,10] DG4
Id True, localSim #* [-1,0) D& L Negative, [0,1] DIHE I
Positive & U7zBEDIEETS. True DEEIFR—ZF 1 v &g
FEFHRIZEFZR SNV, False DA IFREFIEHN -2
TAVEOBHEYNIEANMTETVWD I LD 5b.

‘ True False
Positive | 331 535
NP-MSSG
Negative | 82 272
. Positive | 326 458
REFIE .
Negative | 87 349
35
S
~ 30
%]
2
S
22
2
]
220
=)
€
H*
o 15
(=
c
‘©
€10
S
‘s
Y 5
©
4
0

0 1 2 3 4 5 6 7 8 9 10
# of multisense words in context

K 3: FP/FN ZThZhORT7 LB 5, IR Icat% %E
BONME. BHEIRHE LIV EZ DL HREL URTIZEALTY
e Nbhb.

Net 3.0 & NP-MSSG 2 W TiT>TWa. &6 &b, X
KE L DEFFEEBATVDIEDNDNS. Z0kdD, %HM
EEBUZXRETPENEEL VI EERZ NS,

4.2 XOEFRBFELES RS

4.2.1 T4ty bk

A E B Tk SemEval 2012[1], SemEval 2013[2], Se-
mEval 2014 [3], Sentences Involving Compositional Knowl-
edge (SICK)[14], Paraphrase and Semantic Similarity in
Twitter (PIT)[24] ® 5 DO T — XYy hDF AT —X
EAWD WO RTIZET Ry bOT— 2R RT.

4.2.2 FHEER

L, T2k y MiffEInEAFICLEZAaTE, F
MEnz2a7 D7y VHBERE r, 2T < VIERAHE
BB p TS, X7 OEBEREEE a1 VEEE L T 5.

stm(S1,52) = cos( Z wr, Z wa) (6)
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4.2.3 EFIL
N—=Z2 T4 2%, 4.1 HTHWZ NP-MSSG #H\W\W5. %

(#%:6) : SemEval 2015 ¥—&+¥ v bk [4], SemEval 2016 T—X ¥y b [5] IZ
WEREL TV BT D 2720, RERTIEALTWAL.



% 5. BEEIEOKETHEZAM/ FREIEDOKETHEZAHEIIEIT S, £2MHD KL XA NN—Y v ABIE N Y 7100 & &,
BIEOFAHEIZHIT 5 by 7100 8% & OIEFERBE BT 23RO —H. AHEHOKETR-S41E, MEEHOKE TR
DALV BLLDIBEEEZEZALTVWD I L2015, Zhdb, XREFHOIRELE X 5N 5.

B B O KA TS 7346 A H O KA TR 7= 5346

D r(412), Drr(6[l4) | Dxr(I1), Drr(5]13) Dkr(513), Dxr(7ll5)

KLD kv 7100

¥ oIk S 12 27 54
FEZEDOH band_5 action_1 action_1
click_5 house_4 house_4
policy_2 styles_3 styles_3

% 6: SCWS T—&Xtw MIEENTWERTD—H. F—)U NMRIZBHREMAEO R ROBEETH L., AFILLEdAa71F18 L
BRoTWb, R=ZAFA VIEZDORT ZFLE 0.06 L HIE L7, REFIETIE —0.07 LHELTWS. ZFHEDHE L WordNet
3.0 & NP-MSSG #H\W\WTii>TW5., XRAIZZEENHEILTEY, 2HE M 2ZE LU XREBEALBEREL TCWEEEZSNS.

Word 1
to that history the country role in the region as indeed
WordNet | - - o - o o o - o o o
NP-MSSG | o o o - o o o - o o o
Word 2
as a conjuror takes his hat he produced an endless swarm
WordNet | o o o - - o o - - o o
NP-MSSG | o o - o o o o o o o -

4.2.4 ERER
FSIWEMMEREZRT. FBREDTFT—XEy MZBEWVWT, T
Y HIBIREL, AT < VIEMABIRE . & ICRE TS R —
SemEval 2012 MSRpar | 750 AT4 v L0 EMNEEERL TV Z LW ERATE 5.
MSRvid | 750 4.2.5 ER
SMTeuroparl | 459 BHEEENN—Z 5 (2 L0 EMREEE T 5 Z5ed

OnWN | 750 ) oo ‘ - .
SMTnews | 399 3. M4z, BEFEOHAIZLIONRN—AS 1 VIR 55

£ BTANT—XDTF— R
F—XEy b | 7—xm

SemEval 2013 FNWN 189 BT R NTEERIXRT AN ED B ENED A% RT. pairs:

headlines | 750 baseline FN—2 7 1 VHPREFEL DB AFICLEZZTTIZ

OnWN | 561 WA T % FRUZ_T %, pairs: proposed method 1§z

SemEval 2014 deft-forum 450 BEENRR—ZASAVEDEAFRAIATIEVWATT 2 THIL
deft-news | 300 lRTRRT. HEoH&R, FRATHHLTLS

headlines 750
Si.dif f+ Sa.dif f

:)H;j]‘g;\? ;ig rate = Si.length + Sa.length ™
tweet-news 750 ZT, Sdiff dH2XIZBWTEL DG %75 FH X N7-EE
SICK 4,927 GDJS\%I'C HY, Slength IFRAFEZ R\ XHDOIMHBEELTH
PIT 972 5. M, 2 MEORT ENETNICE 7‘6%’”6\%2‘\3—.
=Ei) 14,257

X 4 £V, pairs: proposed method (& pairs: baseline & 0 %,
ZLDRRIBEEVBTHINT VB LD DND. ZnkD,
FTXHOEBIZOWTHEBRBREMGE 21T, ZLTTHEHh  EROMOAARIIC X 2 UREKHAP B 2 FREEBL, #

T-RERITHIN T B IEROMDIAARILD I 2 X DRI L T 5. RelT JZ DRWXDORHZERTETVWEEEZOND.

FEEFIEL, 4. 18T local Sim OB CTRBIEWFEEZ R L RKIWIZT =Ry hHFOXRTO—flE, FFHEITL D THI
7 KAE 1 B H TEZa &2 WS, £9 NP-MSSG Tk éhf:agﬁﬁﬁ%m?. %9 &b, Sentence 1 ® Two, floating,
VMR ZITS. Z0%, FHISNFERICHINT 2EEOMED water IFR—2F 1 YV ERBRLLFHHEVPTFRINTNSE I &
AARBZFNT, FHE, ERBHREMEEEZITS. TLTR— bhrd. Nk, HIEBOEEIMUDOFEDELETFHITHE
AT v EFABIZ, FRISNZEROFEEEXORKLE T 5. EHATVWDIEDHERTES.




# 8 BFHEOET Y VHBGRE r L AT < VIEMHBGRE p IC X2 HIR. BEDT -2ty MIBWT, REFENR—ZF

AV EDBELTEVHEZRLTWS.

SemEval 2012 SemEval 2013
MSRpar MSRvid  SMTeuroparl OnWN SMTnews FNWN headlines OnWN
r p r p r p r p r p r p r p r p
NP-MSSG | .234 .258 .084 .14 .205 .251 371 414 227 .21 | .274 .282 .332 .329 .179 .205
REFE| 279 .272 .201 .228 .196 .286 .452 .451 .264 .208 | .181 .193 .432 .434 .218 .256
SemEval 2014 SICK PIT
deft-forum  deft-news headlines images OnWN tweet-news SICK PIT
r p r p r p r p r p r p r p r p
NP-MSSG | .204 251 .393 .385 .316 .312 .231 .257 .373 .408 .418 .397 | .35 37 |.279 .301
RETIL | 273 .289 .436 .417 .455 .456 .288 .327 .406 .449 .517 .52 |.398 .405| .248 .24

£9 TRty hOXRTO—fle, EFFCLDFRINALEERS. RDO - ZRMETHDZLERT. TOXRTILA
EXINEAFIZEBATTIZ18THB. R—A5A4 VIFIORT ZHLE 3.35 LHFELTWBD, IBEFETIIHELE 3.77 &
HIELTWS, BED, BEFHEER—AS5A VTRBIBEHEVTFHINT VB I L 2ERTE S,

Sentence 1

Two  men on boat floating on  the water
NP-MSSG | 5 5 2 3 3 1 1 1
REFIL| 1 5 2 3 4 1 1 5
Sentence 2
A wooden yacht on the ocean
NP-MSSG | 1 3 - 2 1 5
REFE| 1 3 - 2 1 5

30

Il pairs: baseline
I pairs: proposed method
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WX NFFEPXART I LD BEEDHM. REFENR—Z
FAVEVBATICTES A ATITENWA AT 2 FHLIRT T
12, $VZLDEBEPLEINTVWE I LR DRS.

5. &

AHISE IR D LD A ASRBL &2 F W 72 8 8] 7 SR D KRB &
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HEAMT XN EAUE S TR AT 0.314 ORI 2 EK L
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1, ¥7 Y U HBHRB OB TIIRA T 0.455 DB Z#EK L,
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Y7 < VEA B R DB A TR KT 0.456 DFHEE %2 5k L,
NR=2F5 A v HREA 0.144 DHEDE % (R T S 72,
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