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Algorithm 4: Discord-Update

Output: sj,,,,: a temporal discord
S:emp'<'v '>NN A <_17 0>
for Vs, € S do

[y

N

3 if sp.(-,-) NN = @ then

4 L Up-Max-Heap(H, sp)

5 else

6 if s;‘emp.distNN < sp.distyy then
7 sfemp — sp

8 while H + @ do
9 sp < Down-Max-Heap(H)

10 if sfemp.distNN > sp~di5tNNyou”gET then
11 L break

12 else

13 NNSearch(sp)

14 if sfemp.distNN < sp.distyy then

15 s;‘emp — sp

16 return szkemp
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1) iz, =7 HIZMT 208 %2175 (8-1547) . H D%
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e Google-CPU [12]: Google DT —X ¥ ¥ &X®d CPU A
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1 : http://timeseriesclassification.com/index.php
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