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Algorithm 1 Framework of the LABELGEAR

Input: Training data X and small windows R
Initialize: Generate initial seeds S, i.e., Regime Seeds
Output: Segmentation masks M and trained SequenceNet
t=20

: while iteration is effective do

Train the RegimeNet with R and S

Predict with the trained RegimeNet to get Regime O
Train the SequenceNet with X and O

A

Predict with the trained SequenceNet to get segmentation
masks M

7: Update S +~ M, t+t+1

8: end while

9: return M
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RRANTF— Rz EEND ) A AREFERZ =V B HET L
CIFHMD TRV UTHANTEIENTES.
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NEEND IR, BRI 2T AV T -V avy< Ay
XL DERELREDIZRS.

SequenceNet I& N {HDOHRITF — REE X = (X}, &
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TORME L VBREIZTHEMN DS, T LT, Mk
Wiz AvF—varvry M=% Re L, AH
ThHholzN N R—VERBULRNS, Bkt AV T—Yay
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Q2 KEZ1DODF3Y N =27 TR o 7256 & OO R
Q3 HWEMMDOLM 2 E A 56 & ORI O g
FERIZIELT DT — X2y M &2 H Wz,

e HHAR: K7 —2Z+% v MZ, Stisen & [13] A9 AD2—H
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i), fAEE (34 #AY—FT7 A EMOTRELZED
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e Factory-worker: KF—Xt v M, LHIIBI}BEEE
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Clean(T I ZHU 0 bR<) O 3 FEHOBE % Bilz 235 LTl
MW (30, M () 25HITAZ LN TES T —4
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CRBRIZ Y = v ADIER E TR - 7.
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HKEEZBUZ/EZETH 5 Clean(¥wbR), Transport(Eif),
Inspect (&), Rest({RE), Workl (#1372 C), Work2(T.
fE) © 6 FEEHDOTE%E Factory-worker & [ERKIZ Myo % FH
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51 RBEFEOEIAVF—VaviEE

LI, REFEORITA VT =Y a v ORBEEMRGES %

728, WAFFE [21] L VN OLRFEEZ VTR 2785 72,

o RN=ATAV: BRRININEGEINTVET—X TNV %
ETORLNANET 5

25107 5 Sliding Window Z & D& R &
(Fg, vhoefE, srik, BHERAE) 2REE U, Kmeans T
I AR VT ELITD LT E o THIHNZ T RV &N
5

FERE D FEA 121X IEA#ER (Accuracy) & mloU(mean IoU) @ 2

DOFEREE Wz,

o IEfE# (Accuracy) : RRFIPDIEMT NNV EEFELWNWT A
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