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©GoDaddy

fdj.com
is for sale!

Get a price in less than 24
hours

Fill out the form below. One of our domain

experts will have a price to you within 24

business hours.

Need a price instantly?
Contact us now.

First Name Last Name

Email
Toll Free in the U.S.

Confirm Email

We can give you the price over the phone,
help you with the purchase process, and
answer any questions.

Phone Number

Country
United States

afternic
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#10.102 5 A3 D PrEcisioNn/REecaLL/F

SAN Precision Recall F
Bias 0.506 0.284 0.364
Conspiracy 0.494 0.464 0.479
Reliable 0.696 0.784 0.737
Fake 0.326 0.376 0.346
Satire 0.224 0.242 0.233
Political 0.420 0.372 0.395
Unreliable 0.196 0.476 0.278
Clickbait 0.232 0.602 0.335
Janksci 0.160 0.510 0.244
Hate 0.096 0.250 0.139
Macro Avg. 0.340 0.460 0.391
Weighted Avg. 0.468 0.412 0.438
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