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Abstract
INTRODUCTION: Although clinical use of dexmedetomidine (DEX), an alpha2-adrenergic receptor agoni
admitted to intensive care units secondary to toxicological sequelae has not been well established.

OBJECTIVES: The primary objective of this study was to describe clinical and adverse effects observed
for sedation.

METHODS: This was an observational case series with retrospective chart review of poisoned patients v
academic medical center. The primary endpoint was incidence of adverse effects of DEX therapy includil
seizures, and arrhythmias. For comparison, vital signs were collected hourly for the 5 h preceding the DE
DEX therapy until the therapy ended. Additional endpoints included therapy duration; time within target F
(RASS); and concomitant sedation, analgesia, and vasopressor requirements.

RESULTS: Twenty-two patients were included. Median initial and median DEX infusion rates were simila
sedation. Median heart rate was lower during the therapy (82 vs. 93 beats/minute, p < 0.05). Median sys
during therapy was similar (111 vs. 109 mmHg, p = 0.745). Five patients experienced an adverse effect |
No additional adverse effects were noted. Median time within target RASS and duration of therapy was €
Seventeen patients (77%) had concomitant use of other sedation and/or analgesia with four (23%) of the
agents after DEX initiation. Seven patients (32%) had concomitant vasopressor support with four (57%)
vasopressor support after DEX initiation.

CONCLUSION: Common adverse effects of DEX were noted in this study. The requirement for vasopres
further investigation into the safety of DEX in poisoned patients. Larger, comparative studies need to be
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RATIONALE AND OBJECTIVES:

Economic theory classifies an intervention as socially
beneficial if the total Willingness to Pay (WTP) of those
who gain exceeds the total Willingness to accept (WTA)
of those who are harmed. This paper examines the
differences in health system users’ valuation of a health
care service in primary care setting based on the WTP and
WTA perspectives, discussing the impact of personal and
service variables, including risk attitudes, on these
disparities.

METHOD:




Six hundred and sixty two subjects who asked for care in
health centres in the Region of Madrid (Spain) were
interviewed, using the contingent valuation method to
estimate WTP and WTA.
characteristics, health needs, satisfaction with the service

Patient sociodemographic
and risk attitude and behaviour under risk (measured by
self-reported scales and lottery games respectively) were
collected. Generalised Linear Models were used to
estimate the association between the explanatory variables

and the WTA/WTP ratio.

RESULTS:

We obtained the WTA/WTP ratio for 570 subjects (mean
1.66 Cl 95%: 1.53-1.79; median 1, interquartile range 1-
2). People with higher education or in high social groups
expressed WTA values closest to WTP. The opposite
occurred in patients with the greatest health needs or who
were born abroad. Self-reported expression of risk
aversion appeared also related to increases in the
WTA/WTP ratio. Satisfaction with the service evaluated
was the most influential factor in the WTA/WTP ratio.

CONCLUSION:
Health need, difficulty
satisfaction with the service could serve for profiling

in obtaining substitutes and

people averse to loss for health care services in primary
care setting. Self-reported expression of risk aversion
could also be related to increases in the WTA/WTP ratio.
This would mean that these characteristics should be taken
into account both in the design and implementation of new
healthcare interventions, as in the making decision for
disinvestment.

implications for the expressed values, we chose as
realistic a description as possible, making reference to a
good immediately obtained.

CONCLUSION:

Health needs and use of services were measured by the
existence of chronic conditions (ones that require
continuous healthcare for more than 6 months), hospital
admissions in the past year (including emergency stays
lasting longer than 24 hours) and the perception of
health-related quality of life (HRQoL) as measured by
EQ-5D. The EQ-5D results were expressed on a visual
scale and turned into utilities.
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OBJECTIVES:
The value attributed to a good or service with the CV
be studied from

method can the perspective of

willingness to pay (WTP) or to accept (WTA).

METHOD:
Given the asymmetry in the distribution of the
dependent (WTA/WTP
Generalised Linear Models (GLM) to estimate the
association between the explanatory variables and the

WTA/WTP ratio.

variable ratio), we used

RESULTS:
Given that the description of the scenario may have
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