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zeE
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Waii1i2> T35,
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(LD(z,t) < 3) A (WV () > 0.4) (7)

ZD%, FEORENT T T R uDEMIZERT S, KR
Bt TR IR R, BB —V 75 7R ERT 5.
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AT, T =Xy k& U T Krishna 512 & o THE
B X 1172 Visual Genome [14] & Lin 512 & o> TER I 17z
MSCOCO(Microsoft Common Objects in Context) [15] % {#i
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24778 D ATALEIZ DWW T AT 5.
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